REFERENCE

Andrea Sanchez-Sanchez, P., Rafael Garcia-Gonzalez, J., & Haidy Perez Coronell, L. (2020).
Encountered Problems of Time Series with Neural Networks: Models and Architectures.

In Recent Trends in Artificial Neural Networks - from Training to Prediction (p. 13).
IntechOpen. https://doi.org/10.5772/intechopen.88901

Apaydin, H., Taghi Sattari, M., Falsafian, K., & Prasad, R. (2021). Artificial intelligence
modelling integrated with Singular Spectral analysis and Seasonal-Trend decomposition

using Loess approaches for streamflow predictions. Journal of Hydrology, 600(March),
1-16. https://doi.org/10.1016/j.thydrol.2021.126506

Ashok, A., Rani, H. P., & Jayakumar, K. V. (2021). Monitoring of dynamic wetland changes
using NDVI and NDWI based landsat imagery. Remote Sensing Applications: Society
and Environment, 23(May), 100547. https://doi.org/10.1016/j.rsase.2021.100547

Blum, L., Elgendi, M., & Menon, C. (2022). Impact of Box-Cox Transformation on Machine-

Learning Algorithms. Frontiers in Artificial Intelligence, 5(April), 1-16.

https://doi.org/10.3389/1rai.2022.877569

Borjesson, L., & Singull, M. (2020). Forecasting Financial Time Series through Causal and

Dilated Convolutional Neural Networks.

Entropy, 22(10), 1094.
https://doi.org/10.3390/¢22101094

Boussaada, Z., Curea, O., Remaci, A., Camblong, H., & Mrabet Bellaaj, N. (2018). A

Nonlinear Autoregressive Exogenous (NARX) Neural Network Model for the Prediction

of the Daily Direct Solar  Radiation.

Energies, 11(3), 620.
https://doi.org/10.3390/en11030620

Chen, C., Hui, Q., Xie, W., Wan, S., Zhou, Y., & Pei, Q. (2021). Convolutional Neural
Networks for forecasting flood process in Internet-of-Things enabled smart city.

Computer Networks, 186, 107744. https://doi.org/10.1016/j.comnet.2020.107744

Cui, Z., Ke, R., Pu, Z., & Wang, Y. (2020). Stacked bidirectional and unidirectional LSTM
recurrent neural network for forecasting network-wide traffic state with missing values.

Transportation Research Part C: Emerging Technologies, 118(March 2019), 102674.
https://doi.org/10.1016/].trc.2020.102674

89


https://doi.org/10.5772/intechopen.88901
https://doi.org/10.1016/j.jhydrol.2021.126506
https://doi.org/10.1016/j.rsase.2021.100547
https://doi.org/10.3389/frai.2022.877569
https://doi.org/10.3390/e22101094
https://doi.org/10.3390/en11030620
https://doi.org/10.1016/j.comnet.2020.107744
https://doi.org/10.1016/j.trc.2020.102674

de la Fuente, A., Meruane, V., & Meruane, C. (2019). Hydrological Early Warning System
Based on a Deep Learning Runoff Model Coupled with a Meteorological Forecast.
Water, 11(9), 1808. https://doi.org/10.3390/w11091808

di Nunno, F., & Granata, F. (2020). Groundwater level prediction in Apulia region (Southern
Italy) using NARX neural network. Environmental Research, 190(July), 1-17.
https://doi.org/10.1016/j.envres.2020.110062

Ding, Y., Zhu, Y., Feng, J., Zhang, P., & Cheng, Z. (2020). Interpretable spatio-temporal
attention LSTM model for flood forecasting. Neurocomputing, 403, 348-359.
https://doi.org/10.1016/j.neucom.2020.04.110

Feng, D., Fang, K., & Shen, C. (2020). Enhancing Streamflow Forecast and Extracting Insights
Using Long-Short Term Memory Networks With Data Integration at Continental Scales.
Water Resources Research, 56(9), 1-45. https://doi.org/10.1029/2019WR026793

Géron, A. (2019). Hands-on Machine Learning with Scikit-Learn , Keras & TensorFlow (2nd
Editio). O’Reilly Media. http://oreilly.com/catalog/errata.csp?isbn=9781492032649

Ghimire, S., Yaseen, Z. M., Farooque, A. A., Deo, R. C., Zhang, J., & Tao, X. (2021).
Streamflow prediction using an integrated methodology based on convolutional neural
network and long short-term memory networks. Scientific Reports, 11(1), 1-26.

https://doi.org/10.1038/s41598-021-96751-4

Hassan, M., & Hassan, 1. (2021). Improving Artificial Neural Network Based Streamflow
Forecasting Models through Data Preprocessing. KSCE Journal of Civil Engineering,
25(9), 3583-3595. https://doi.org/10.1007/s12205-021-1859-y

Hayder, G., Iwan Solihin, M., & Najwa, M. R. N. (2022). Multi-step-ahead prediction of river
flow using NARX neural networks and deep learning LSTM. H2Open Journal, 5(1), 43—
60. https://doi.org/10.2166/h20j.2022.134

He, Y., Manful, D., Warren, R., Forstenhdusler, N., Osborn, T. J., Price, J., Jenkins, R.,
Wallace, C., & Yamazaki, D. (2022). Quantification of impacts between 1.5 and 4 °C of
global warming on flooding risks in six countries. Climatic Change, 170(1-2), 15.

https://doi.org/10.1007/s10584-021-03289-5

Hettiarachchi, P. (2020). Hydrological Report on the Kelani River Flood in May 2016.
Research Gate, 1-12.
https://www.researchgate.net/publication/342865359%0AHydrological

90


https://doi.org/10.3390/w11091808
https://doi.org/10.1016/j.envres.2020.110062
https://doi.org/10.1016/j.neucom.2020.04.110
https://doi.org/10.1029/2019WR026793
http://oreilly.com/catalog/errata.csp?isbn=9781492032649
https://doi.org/10.1038/s41598-021-96751-4
https://doi.org/10.1007/s12205-021-1859-y
https://doi.org/10.2166/h2oj.2022.134
https://doi.org/10.1007/s10584-021-03289-5
https://www.researchgate.net/publication/342865359%0AHydrological

Hussain, F., Wu, R.-S., & Wang, J.-X. (2021). Comparative study of very short-term flood
forecasting using physics-based numerical model and data-driven prediction model.

Natural Hazards, 107(1), 249-284. https://doi.org/10.1007/s11069-021-04582-3

Jain, S., Jaiswal, R. K., Lohani, A. K., & Galkate, R. (2021). Development of Cloud-Based
Rainfall-Run-Off Model Using Google Earth Engine. Current Science, 121(11), 1433.
https://doi.org/10.18520/cs/v121/i11/1433-1440

Jiang, F., Dong, Z., Wang, Z., Zhu, Y., Liu, M., Luo, Y., & Zhang, T. (2021). Flood forecasting
using an improved NARX network based on wavelet analysis coupled with uncertainty
analysis by Monte Carlo simulations: a case study of Taihu Basin, China. Journal of

Water and Climate Change, 12(6), 2674-2696. https://doi.org/10.2166/wcc.2021.019

Jimeno-Saez, P., Senent-Aparicio, J., Pérez-Sanchez, J., & Pulido-Velazquez, D. (2018). A
Comparison of SWAT and ANN Models for Daily Runoff Simulation in Different
Climatic Zones of Peninsular Spain. Water, 10(2), 192.
https://doi.org/10.3390/w10020192

Ketkar, N., & Moolayil, J. (2021). Deep Learning with Python. In Deep Learning with Python.
Apress. https://doi.org/10.1007/978-1-4842-5364-9

Kiline, H. C., & Haznedar, B. (2022). A Hybrid Model for Streamflow Forecasting in the
Basin of Euphrates. Water, 14(1), 80. https://doi.org/10.3390/w14010080

Kiline, H. C., & Yurtsever, A. (2022). Short-Term Streamflow Forecasting Using Hybrid Deep
Learning Model Based on Grey Wolf Algorithm for Hydrological Time Series.
Sustainability, 14(6), 1-20. https://doi.org/10.3390/su14063352

Kottagoda, S., & Abeysingha, N. (2017). Morphometric analysis of watersheds in Kelani river
basin for soil and water conservation. Journal of the National Science Foundation of Sri

Lanka, 45(3), 273. https://doi.org/10.4038/jnsfsr.v4513.8192

Le, X.-H., Nguyen, D.-H., Jung, S., Yeon, M., & Lee, G. (2021). Comparison of Deep
Learning Techniques for River Streamflow Forecasting. /[EEE Access, 9, 71805-71820.
https://doi.org/10.1109/ACCESS.2021.3077703

Lee, M.-C., Chang, J.-W., Yeh, S.-C., Chia, T.-L., Liao, J.-S., & Chen, X.-M. (2022). Applying
attention-based BiLSTM and technical indicators in the design and performance analysis
of stock trading strategies. Neural Computing and Applications, 34(16), 13267-13279.
https://doi.org/10.1007/s00521-021-06828-4

91


https://doi.org/10.1007/s11069-021-04582-3
https://doi.org/10.18520/cs/v121/i11/1433-1440
https://doi.org/10.2166/wcc.2021.019
https://doi.org/10.3390/w10020192
https://doi.org/10.1007/978-1-4842-5364-9
https://doi.org/10.3390/w14010080
https://doi.org/10.3390/su14063352
https://doi.org/10.4038/jnsfsr.v45i3.8192
https://doi.org/10.1109/ACCESS.2021.3077703
https://doi.org/10.1007/s00521-021-06828-4

Lin, Y., Wang, D., Wang, G., Qiu, J., Long, K., Du, Y., Xie, H., Wei, Z., Shangguan, W., &
Dai, Y. (2021). A hybrid deep learning algorithm and its application to streamflow
prediction. Journal of Hydrology, 601(July), 1-10.
https://doi.org/10.1016/j.thydrol.2021.126636

Mahenthiran, B., & Rajapakse, L. (2021). Water Resources Availability and Low Flow
Discharge Analysis of Two Selected River Basins in the Dry Zone Under Changing
Climate Conditions. 2021 Moratuwa Engineering Research Conference (MERCon),
504-509. https://doi.org/10.1109/MERCon52712.2021.9525654

Manawadu, L., & Wijeratne, V. P. I. S. (2021). Anthropogenic drivers and impacts of urban
flooding- A case study in Lower Kelani River Basin, Colombo Sri Lanka. International
Journal of Disaster Risk Reduction, 57(January), 102076.
https://doi.org/10.1016/1.1ydrr.2021.102076

Mrzygtdd, B., Hawryluk, M., Janik, M., & Olejarczyk-Wozenska, 1. (2020). Sensitivity
analysis of the artificial neural networks in a system for durability prediction of forging
tools to forgings made of C45 steel. The International Journal of Advanced
Manufacturing Technology, 109(5-6), 1385—-1395. https://doi.org/10.1007/s00170-020-

05641-y

Nashwan, M. S.; Shahid, S., & Wang, X. (2019). Uncertainty in Estimated Trends Using
Gridded Rainfall Data: A Case Study of Bangladesh. Water, 11(2), 349.
https://doi.org/10.3390/w11020349

Qu, J., Qian, Z., & Pei, Y. (2021). Day-ahead hourly photovoltaic power forecasting using
attention-based CNN-LSTM neural network embedded with multiple relevant and target
variables prediction pattern. Energy, 232, 120996.
https://doi.org/10.1016/j.energy.2021.120996

Rodrigues, G. C., & Braga, R. P. (2021). Evaluation of NASA POWER Reanalysis Products
to Estimate Daily Weather Variables in a Hot Summer Mediterranean Climate.

Agronomy, 11(6), 1207. https://doi.org/10.3390/agronomy11061207

Saraiva, S. V., Carvalho, F. de O., Santos, C. A. G., Barreto, L. C., & Freire, P. K. de M. M.
(2021). Daily streamflow forecasting in Sobradinho Reservoir using machine learning
models coupled with wavelet transform and bootstrapping. Applied Soft Computing, 102,
1-11. https://doi.org/10.1016/j.as0c¢.2021.107081

92


https://doi.org/10.1016/j.jhydrol.2021.126636
https://doi.org/10.1109/MERCon52712.2021.9525654
https://doi.org/10.1016/j.ijdrr.2021.102076
https://doi.org/10.1007/s00170-020-05641-y
https://doi.org/10.1007/s00170-020-05641-y
https://doi.org/10.3390/w11020349
https://doi.org/10.1016/j.energy.2021.120996
https://doi.org/10.3390/agronomy11061207
https://doi.org/10.1016/j.asoc.2021.107081

Satwik, P. M., & Sundram, M. (2021). An integrated approach for weather forecasting and
disaster prediction using deep learning architecture based on memory Augmented Neural
Network’s ~ (MANN’s).  Materials Today:  Proceedings,  xxxx, 1-6.
https://doi.org/10.1016/j.matpr.2021.01.705

Sha, J., Li, X., Zhang, M., & Wang, Z.-L. (2021). Comparison of Forecasting Models for Real-
Time Monitoring of Water Quality Parameters Based on Hybrid Deep Learning Neural
Networks. Water, 13(11), 1547. https://doi.org/10.3390/w13111547

Shamshirband, S., Jafari Nodoushan, E., Adolf, J. E., Abdul Manaf, A., Mosavi, A., & Chau,
K. (2019). Ensemble models with uncertainty analysis for multi-day ahead forecasting
of chlorophyll a concentration in coastal waters. Engineering Applications of
Computational Fluid Mechanics, 13(1), 91-101.
https://doi.org/10.1080/19942060.2018.1553742

Shelestov, A., Lavreniuk, M., Kussul, N., Novikov, A., & Skakun, S. (2017). Exploring
Google Earth Engine Platform for Big Data Processing: Classification of Multi-
Temporal Satellite Imagery for Crop Mapping. Frontiers in Earth Science, 5(February),
1-10. https://doi.org/10.3389/feart.2017.00017

Shen, H., & Lin, J. (2020). Investigation of crowdshipping delivery trip production with real-
world data. Transportation Research Part E: Logistics and Transportation Review,

143(August), 102106. https://doi.org/10.1016/j.tre.2020.102106

Song, T., Ding, W., Liu, H., Wu, J., Zhou, H., & Chu, J. (2020). Uncertainty Quantification in
Machine Learning Modeling for Multi-Step Time Series Forecasting: Example of
Recurrent Neural Networks in Discharge Simulations. Water, 12(3), 912.
https://doi.org/10.3390/w12030912

Subramanya, K. (2017). Engineering Hydrology. In Afiican, American (Third Edit). Zed
Books Ltd. https://doi.org/10.5040/9781350218178.0013

Sun, F. K., Lang, C. 1., & Boning, D. S. (2021). Adjusting for Autocorrelated Errors in Neural
Networks for Time Series. Advances in Neural Information Processing Systems,

36(NeurIPS), 1-21. https://doi.org/https://doi.org/10.48550/arXiv.2101.12578

Vivekanandan, N. (2019). Use of Catchment Physiographic Factors in Selection of Design
Storm and its Effect on Floods Estimated for Ungauged Catchments. Civil Engineering
Research Journal, 9(2), 67-75. https://doi.org/10.19080/CERJ.2019.09.555759

93


https://doi.org/10.1016/j.matpr.2021.01.705
https://doi.org/10.3390/w13111547
https://doi.org/10.1080/19942060.2018.1553742
https://doi.org/10.3389/feart.2017.00017
https://doi.org/10.1016/j.tre.2020.102106
https://doi.org/10.3390/w12030912
https://doi.org/10.5040/9781350218178.0013
https://doi.org/https:/doi.org/10.48550/arXiv.2101.12578
https://doi.org/10.19080/CERJ.2019.09.555759

Wan, H., Guo, S., Yin, K., Liang, X., & Lin, Y. (2020). CTS-LSTM: LSTM-based neural
networks for correlatedtime series prediction. Knowledge-Based Systems, 191(xxxx),

105239. https://doi.org/10.1016/j.knosys.2019.105239

Wang, Q., Liu, Y., Yue, Q., Zheng, Y., Yao, X., & Yu, J. (2020). Impact of Input Filtering and
Architecture Selection Strategies on GRU Runoff Forecasting: A Case Study in the Wei
River Basin, Shaanxi, China. Water, 12(12), 1-20. https://doi.org/10.3390/w12123532

Westerberg, . K., Guerrero, J.-L., Younger, P. M., Beven, K. J., Seibert, J., Halldin, S., Freer,
J. E, & Xu, C.-Y. (2011). Calibration of hydrological models using flow-duration
curves. Hydrology — and  Earth  System  Sciences, 15(7), 2205-2227.
https://doi.org/10.5194/hess-15-2205-2011

Withanage, N. S., Dayawansa, D. K., Silva, R. P. D., & Rathnayake, C. W. M. R. (2018).
Assessment of Morphological Characteristics of Maduru Oya Assessment of
Morphological Characteristics of Maduru Oya. 39th Asian Conference on Remote
Sensing: Remote Sensing Enabling Prosperity, ACRS 2018 , Malaysia, November, 1-10.
https://www.researchgate.net/publication/329164617%0AASSESSMENT

Won, Y.-M,, Lee, J.-H., Moon, H.-T., & Moon, Y.-1. (2022). Development and Application of
an Urban Flood Forecasting and Warning Process to Reduce Urban Flood Damage: A
Case Study of Dorim River Basin, Seoul. Water, 14(2), 187.
https://doi.org/10.3390/w14020187

Xu, Y., Hu, C., Wu, Q., Li, Z., Jian, S., & Chen, Y. (2021). Application of temporal
convolutional network for flood forecasting. Hydrology Research, 52(6), 1455—-1468.
https://doi.org/10.2166/nh.2021.021

Yan, R, Liao, J., Yang, J., Sun, W., Nong, M., & Li, F. (2021). Multi-hour and multi-site air
quality index forecasting in Beijing using CNN, LSTM, CNN-LSTM, and
spatiotemporal clustering. Expert Systems with Applications, 169(December 2020),
114513. https://doi.org/10.1016/j.eswa.2020.114513

Yu, J. (2021). A New Way of Airline Traffic Prediction Based on GCN-LSTM. Frontiers in
Neurorobotics, 15(December), 1-8. https://doi.org/10.3389/fnbot.2021.661037

Zhang, J., Chen, X., Khan, A., Zhang, Y., Kuang, X., Liang, X., Taccari, M. L., & Nuttall, J.
(2021). Daily runoff forecasting by deep recursive neural network. Journal of Hydrology,
596(December 2020), 126067. https://doi.org/10.1016/j.jhydrol.2021.126067

94


https://doi.org/10.1016/j.knosys.2019.105239
https://doi.org/10.3390/w12123532
https://doi.org/10.5194/hess-15-2205-2011
https://www.researchgate.net/publication/329164617%0AASSESSMENT
https://doi.org/10.3390/w14020187
https://doi.org/10.2166/nh.2021.021
https://doi.org/10.1016/j.eswa.2020.114513
https://doi.org/10.3389/fnbot.2021.661037
https://doi.org/10.1016/j.jhydrol.2021.126067

Zhao, Q., Yu, L., Li, X., Peng, D., Zhang, Y., & Gong, P. (2021). Progress and Trends in the
Application of Google Earth and Google Earth Engine. Remote Sensing, 13(18), 3778.
https://doi.org/10.3390/rs13183778

Zuhail, M., Rasmy, M., Koike, T., & Hitoshi, L. (2007). Development of Integrated Water
Resources Management Plan for Eastern Dry Zone in Sri Lanka: The Case of Gal Oya.
1-6.
https://www.pwri.go.jp/icharm/training/master/img/2019/synopses/08 Zuhail synopsis

-pdf

95


https://doi.org/10.3390/rs13183778
https://www.pwri.go.jp/icharm/training/master/img/2019/synopses/08_Zuhail_synopsis.pdf
https://www.pwri.go.jp/icharm/training/master/img/2019/synopses/08_Zuhail_synopsis.pdf

