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APPENDIX A

Coverage area of the Household Visit Survey

Minuwa
Gampaha [l

Ja-Ela Gampaha
fattala Mahara

Dompe

Bulathsinhala

Kalutara
Palindanuwarg

Mathugama

73



APPENDIX B

Questionnaire- Household survey —gathering trip information (Source: Urban transport system development project for Colombo Metropolitan

Reqgion and Suburbs, Person trip survey)
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APPENDIXC

Work - home distribution at DSD level

Home Work
DSD HVS Mobile Mobile HVS Mobile
(10 PM- (7PM-
4AM) 4AM)
Agalawatta 0.30% | 0.90% 1.10% 0.30% | 0.90%
Attanagalla 3.20% | 4.30% 4.20% 2.40% | 2.30%
Bandaragama 1.70% | 3.00% 2.80% 0.80% |2.10%
Beruwala 2.30% | 1.60% 1.60% 1.90% | 1.20%
Biyagama 3.60% | 3.70% 3.60% 3.40% | 2.60%
Bulathsinhala 0.80% | 1.20% 1.10% 0.60% | 0.50%
Colombo 7.80% | 7.50% 7.20% 25.1% | 25.80%
Dehiwala Mt.Lavinia 2.00% | 4.00% 2.50% 1.90% | 4.30%
Divulapitiya 2.40% | 2.10% 1.90% 1.60% | 1.00%
Dodangoda 0.90% | 0.70% 0.70% 0.60% | 0.50%
Dompe 2.80% | 1.00% 0.90% 1.70% | 0.90%
Gampaha 3.60% | 6.40% 3.90% 2.70% | 2.90%
Hanwella 1.90% | 1.30% 1.80% 1.60% | 0.80%
Homagama 4.60% | 5.60% 5.20% 3.10% | 3.70%
Horana 2.00% | 1.40% 1.40% 1.80% | 1.10%
JaEla 3.70% | 5.10% 4.70% 3.20% | 2.80%
Kaduwela 5.20% | 8.60% 6.10% 4.10% | 6.30%
Kalutara 2.50% | 1.30% 1.40% 2.00% | 1.40%
Katana 4.30% | 3.70% 3.50% 5.00% | 5.60%
Kelaniya 2.30% | 2.50% 2.40% 3.10% | 1.60%
Kesbhewa 5.20% | 7.30% 7.00% 2.50% | 5.70%
Kolonnawa 3.50% | 3.70% 3.40% 2.40% | 2.10%
Mahara 3.90% | 0.10% 3.50% 1.40% | 0.40%
Maharagama 4.40% | 0.20% 3.70% 3.50% | 1.40%
Mathugama 0.60% | 3.90% 0.10% 0.00% | 0.00%
Minuwangoda 2.80% | 0.10% 1.30% 1.50% | 0.40%
Mirigama 2.50% | 1.40% 0.80% 1.50% | 0.10%
Moratuwa 3.30% | 0.70% 3.30% 2.70% | 2.30%
Negombo 2.80% | 3.50% 1.30% 3.10% | 1.30%
Padukka 1.30% | 1.30% 0.70% 0.70% | 0.40%
Panadura 3.30% | 0.60% 3.10% 2.50% | 0.50%
Rathmalana 1.80% | 0.90% 2.00% 2.70% | 1.30%
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Home Work
DSD HVS Mobile Mobile HVS Mobile
(10 PM- (7TPM-
AAM) 4AM)
Sri Jayawardanapura 2.30% | 2.10% 1.80% 3.80% | 2.30%
Kotte
Thimbirigasyaya 1.50% | 2.10% 0% 2.60% | 12.20%
Wattala 2.90% | 5.30% 1.00% 2.60% | 1.20%
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APPENDIX D

Fitted line plot - Work location distribution at DSD level

Fitted Line Plot
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Fitted line plot-Home location distribution at DSD level (Time window-10 PM-4 PM)

Fitted Line Plot
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Fitted line plot Home location distribution at DSD level (Time window-7 PM-4 PM)

Fitted Line Plot
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Residual plot of Home location distribution (7 PM — 4 PM)
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APPENDIX E

CDR Data | HVS Data

Illustration of home location distribution at the district level.
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Ilustration of work location distribution at district level
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APPENDIX F

Ilustration of home location distribution at DSD level.
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APPENDIX G

Ilustration of Work location distribution at DSD level.
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